add p

Augmented Al
Addeep-GPR

7|=20|% 4

INIS|

Sgaie 2025.12

https://addeep.ai
https://addeep.blog

We Bridge Values




Addeep-GPR 7|&20{Z

xE

OfEl(Addeep)e| 3 2U3ZX|S(Augmented Al) 7|8t
Addeep-GPR (Generative Pre-trained
Recommender)2 thast iR 0| ZE(LLM)S
Hoj, ALl Zd FUtg At KM Al ZH| A
EfAIS] syl Fx[RILICH 2 7|S801TS ARt A,
J2|3 7Kg HEstaXF S

O] SRl 7| OF7|EHINE

=2 MAXSZE HolgtL|ct.

Addeep-GPRZ 7|ZE2Q| CHatd Aleb HE2| HA|EQI A
gt 43 glo| CHkt HIO[EE 7|82 AtEXte| Ot
QIEME F2stm, o|of L= JHoletEl 2HIXE 2tF
Aso2 MM gl FHSH= H|CHRFY MAMH Al ZEQ

L|C}.

= n|
I ESPUPCRE

1 HX|o 22 Fofof| o|27|7HX|
23 Eg oY Al HAHZE Sefefuict

A

LS Ol

LMM (Large Mind-Mining Model): 7|Z LLMO| El|A
E 7]gt olo] ZHO[2H, LMM2 AIEXte| ds, A,
AL THHE S8 2M510] 2= (Intent)2t X &EH
TR MAIZICE FESHe i o F2 ZHL
Ch O] =2 ZATt= AKXt "XI2 RAS |6
MENQIX|"E Hetd| melsto] xIHelste| 7|

Ct.
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SLICt,

G-DIEN (GPR Deep Interest Evolution Network): At
2Xto| ZAIAL M3} (Interest Evolution)E A|ZH A
Ol 2450 CH2 WS 2= & of|=ste, Foli 20|

olg 2y

2. XI5 28X 8% (Addeep Automatic Content
Convergence Technology)

GPRO| AN xiame =e

Hlx
= ol A&LIC

ACT (Addeep Automatic Content Convergence
Technology): 28I, &1 AME,
njgoz H 5 pe

s ATULICY.

Deep Blend: ACT LHE2| Al A2 &
2, 1Lt M4ES ZHE Lol HHEE] EXAH
= XAAYA SRLICL 012

HIX 0|
=

A QUEHO[AYL|CE, O|ZM F7Lt EA|

AL E o e #EE MSHLICHL

[

3.S2E ZH| YElA 2t S2E &F

GPR2 =XtX¢l S2E(Social to Earn) Z2X| 2HE &
ol ALEXE, 22|0f|ofH, 1% ZF0iA 0]2f0] =

ol-gl-gl MEfA|S RELIC

—
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PiMS (Product Information Management System):
4F FE, &4, BHE @45 PRI GPR Al
O] 8¢ = UXE St= Al 4F CIO|E 22| AAH
OF, Target CommerceE 7}s5HA| stz a4l C|O|E
2f|OJo{ LT

Alaa$S (Al as a Service): GPR, ACT, LMM 52
Al 7152 API/SDK HEHZE 2|2 7|Hof| X335t

YS spsts HERLIC

Addeep GPRQ| glThst M Q4 S
Molgtozm, OfE0| XHsH= 7|20

k7L OfLl2t, "0l 7|8 7HX|2 2A

ot ZF3Hof sith= HYAIe
MEfAIS] M=2 H2CHY
=XH=S0| ofsfot=
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Augmented Al(ZZAl) Addeep-GPR

MMR (Mind Mining Recommendation)

Addeep Al GPR

LMM (Large Mind-mining Model)

UMM (User Mind Map)

G-DIEN (GPR Deep Interest Evolution Network)
ACNN (Addeep CNN)

ALSVR (Large-Scale Visual Recognition Dataset)

ACT (Addeep Automatic Content Convergence
Technology)

Deep Blend

AOEZ2HEIX(Smart Content)

Blang

Condition Pack

GPR Ads

S2E (Social to Earn)

PiMS (Product Information Management System)
Target Commerce

Addeep GPR Ecosystem

ACI (Addeep Content Identifier)

CAMS (Content Authentication Management
System)

Addeep Wallet / Reward Cash

Part 02. Data & Representation Sector (E|O|E{-F 8- Z |
(& 357H)

1. Hio|E f=

e  Entity(2UEIE])
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Feature Store Vector Index
Feature Extraction (E& #Z) Vector DB

Event Normalization (O|HIE H13}) Vector Caching
Interaction Sequence ANN Search
Activity Factor (AF, 23X|%) Similarity Search
Communication Factor (CF, 2EX|%) Distance Metric

Demographic Data (DD, QIS #sHH C|o|E) Re-ranking

Part 03. Mindset Inference Sector (OI2IEAl x =)
Embedding Network 1.LMM =

GPR Integrated Shared Latent Space (GPR & LMM (Large Mind-Mining Model)
BB
Mindset Vector

Latent Space (Hxi37H) Mindset Pri
Inase rior

z-space .
Behavior Encoder

Semantic Embedding Context E d
ontext Encoder

Intent Embedding Preference Decay

Product Embedding Intent Predictor

Attribute Embedding
LEC (Latent Entity Code, Ztxf QE|E| ZE) ]
UMM (User Mind Map)

Discrete Latent Token (0|4 Zxff E32) UMM St
o orage

Normalization (X3} UMM Undate L
. pdate Loop

Standardization (EZ=3}) 3. G-DIEN

(=]

¢ Dimensionality Reduction (X} = .
G-DIEN (GPR Deep Interest Evolution Network)

3. HE|DE FH
Short-term Interest Model

e  Multimodal Representation
Long-term Interest Model

Cross-modal Representation L .
Local Activation Unit

Cross-modal Alighment .
Evolution Layer

Multimodal Fusion
Interest Extractor

Modality Normalization
Interest Drift

Contrastive Learning(CLIP-style) .
Session State

https://addeep.ai
https://faddeep.blog ge Values
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Short-term State Visual Blend Mask

Long-term State Scene Auto-repair

Visual Embedding Face Consistency Guard
Visual Normalization Safety Filter (Nudity/Violence Filter)
Visual Feature Map Product Placement Generator
ALSVR Dataset Tone Matching Module
Style Consistency Engine
Part 04. ACT & Content Sector (2! . Lighting Adjustment
1. ACT Ito|ZEQl Object Integration

ACT (Addeep Automatic Content Convergence Semantic Render Correction

Technolo
9) Output Quality Scoring

Content Tokenizer
Rendering Prior

Latent Fusion Generator )
Scene Consistency Checker

Rendering Stage .
Template-based Generation

Post-processing Stage .
Free-form Generation

Visual Consistency Module
Blang Content

Quality Scoring Module ) )
Emotion-controlled Generation

Safety Filter . .
Persona-consistent Generation

2.Deep Blend 714 24 N )
Scene Transition Modeling

Deep Blend .
Temporal Attention Module

Visual Alignment . .
Quality Refinement Network

Brand Embeddin
d Visual Consistency Network

Logo Preservation Rule L
Output Validation Module

Brand-Safe Generation
Smart Content Renderer

Scene Style Transfer
Object Relighting ) )
Part 05. Recommendation & Serving Sector (FH, AM4)

Perspective Harmonization
1. GPR 7|gt =X

Background Harmonizer
ZZ Al Addeep GPR (Generative Pre-trained

Foreground Preserver Recommender)

Semantic Blend Candidate Generation

https://addeep.ai
https://faddeep.blog ge Values
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e  Multi-stage Ranking Scroll-based Optimization
e Feed Rendering Engine Real-time Feedback Loop
Frequency Cap
Intent-aware Ranking Saturation Controller
Context-aware Ranking
Session-based Personalization Exploration Module
Long-term Personalization Cold-start Handler
3. SH-CtFY Jjut =4 ¢  Real-time Monitoring

e  Multi-objective Ranking
Diversity Control
Novelty Boosting

Exposure Policy

Serving Layer
Real-time Inference
Latency Optimization
Caching Strategy
Vector Retrieval Layer

Hybrid Retrieval

Relevance Scoring

Weight Tuning

User-state Conditioning
Product-aware Ranking
Ad-aware Ranking

Hybrid Recommendation
Multi-armed Bandit

Online CTR Prediction

Real-time Engagement Modeling

Consumption Depth Modeling

https://addeep.ai
https:/faddeep.blog je Values
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Part 01. Addeep Signature Concepts

OfE 17 Y 7| &0

1. Augmented Al(3Z Al) Addeep-GPR(Generative Pre-
trained Recommender)

=o
o

AMEXt] BAH = glol, CHHA Jhelst Hlo|HE 7[He 2

1

AExte| DRIEME XI5 228HT, Ofol 2= JHIst ZHXS

1

NSLZ MYsh= HcHakd My¥ Al 2-OICE
A Fel

Addeep-GPRE 7|Z LLM 7|tt A

AI8sts WAl BIOJL}, AFSAL H

HE 25 S5t HEZQl oAEH
Al Zejele{30|Ct

2. GPMD (GPR-Personalized Multi-Dataset Layer)

=o
o

GPMD(GPR-Personalized Multi-Dataset Layer)= At2X}Q| |
S UM, s, Mgl H|0|EIZ 7|HQ 2 Addeep MH|A FAK|7F At
SXHOICt CHE7| ZSSHEE Tt=E JHQIet AITIo|CE 2HIX FH
¢‘7'|_<'9| 7H(I)_|§|.§ L-'IO-I OHQI EII‘ I:II'LI qE‘lIX i% _J,\_A-I U| _=’
ol 21X, BN AXNMX| 2F MQXF”E HIAI7 = S 71=0]
Ct.

A el

GPMD= CHARY AFZX} GIO|E{(PMD)-AE X} &Eff ZH(UMM)-OF

QUEM FE ZH(LMM)S SIS0, HE ALZXHE MH|A FHMS

s IA_I- _{g’l-&lool-'— A dFIOZ HO|sICt,

o] 2flojoi= Eﬂi I:._$I°I JHeIst7t otL|2t MH|A TH(Service-
SEZ WA, ¥o| 7X, QEUM B8,
X HH3 HEAL HAL x-lxumﬂ OE 1M QA
o= mHIBIC

3. MMR (Mind-Mining Recommendation Architecture)

RO
o
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Abgxtel of
%S s

Al el

MMRZ HIO|H +%, OIRIEA £E, o

WASE R RMEl TEZN,

Zt EA7E 8= FAEO ALEAL o= SHe

O|RES &ECt

0| Sall EEF2| FH-BUHHA QAZFHO| AEXL THRle| 2f
EGM-YEol| 2t HAIZIQR Hekst F| XS

MMR Of7[ElX 4

1. Layer 1 (CllolEl £=%!): user_event_stream,
content_creation_event, social_interaction_event S 7%

2. Layer 2 (Al Az2[): LMM ORRIEAM X£2 EXl &

3. Layer 3 (HIZ2| X{Z&): UMM OIRIEM X
(Redis/RocksDB/Neo4j l0|HzZ|E)

4. Layer 4 (281X MA): Condition Pack MM, ACT 22X g

st
B

5. Layer 5 (I|EHH): AFSAL 812, 45 HEE, A/B HAE

4. LMM (Large Mind-Mining Model)

MEXS] B 2, 1M

£ EE 7|8 WEZ FHDICL

O] P2 HE|DE ERHAIH ARA
285104

AMEXE XA FH-HY Yol J|4ts

T =

5. UMM (User Mind Map)
Ho|

AHEXe| EV|-B7|-E7|A ORIEM MEIE FxotEl HElz XES}
1 #2[5kE Jelst XI5 HiR2| #Z0|ct

Al Eel
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UMM2 M4 Etelo] Z2H el Azt 7[¢h Eo| Het 714 M
SEE 22l6lo] MEotes ohE 2| HAZ FEEC

O] FZE H¥Y FH-ZHX 442310 & Z|Zsjo| LR el
JIEHE HISsHH,

AMEXS] A 2l=-Ho Hajo [ME HAZE XS

ct.

6. G-DIEN (GPR Deep Interest Evolution Network)

=o|
o

A2Xte| ZAAL HSH(Interest Evolution)S AlZHY 2HH
OlI=st7| lsi HAIE 24 Tist ZHo|Ct

M "el

G-DIENZ2 AMEXIe| %2 2rilut &AM IiEHC| MSEEE Totst
7| <l

Local Activation Unit, Evolution Layer, Interest Extractor S2|
T4 QAE ZTBICL

O|f Sdll oY AZ0| ofLf2t AS2 SES 7IHCR "oix 2o

ko
7Fg 2ol 271" FustA =&l

7. ACNN (Addeep Convolutional Neural Network)

=o
o

OHE A
FEER-E

A el

2|, HEE xpA 2EIX
Eeich,
ol Alzt UHZIS LMM, GPR, ACT 444

8. ALSVR (Addeep Large-Scale Visual Recognition Dataset)

=o|
o

ACNN 5! ZE|ZE Al 22 &2 2l #=E OfE it AlZt
CllojE{Ato]Ct,

A Fel

7|dk A2} Hlo[H 2 g
PR/ACTS| #%H &g0 H

https://addeep.ai
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9. ACT (Addeep Automatic Content Convergence
Technology)

Deep Blend, Visual Alignment, Brand-Safe Generation 7|5
50| T GPRO| £E% z-fusion ZZE AZEN A2t ZotE
2 Jroistot

10. Deep Blend

Al el

Deep Blend=
BHIE E HiY

11. Blang
ol

AMNEXI7F ADIEZEHXS 221H MM

—_—— _—= = oco=2

ZHX M4 QIE{mo]A0|C}.

M "ol

w
o
>

rot et oln

12. HUGM(Hyper-personalized user mind mining)

xo|
o
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Al Eel

HUGMS ttxol
Ctas| AF2XLQ

gxfe| &= IiH,

o= mHK| RS A2 o|wAK| Iietstis Al 7|2OICk,

'OfRI= OfO|'W(Mind Mining)'Ol2ts 20{0flA] &
HUGM2 AtEXte| HIO|EE Zo| A 'xi=2'5Hod
2L OIE WEok 52 dFsh=s WS SHE

13. Condition Pack

PROlN Z28E= JHelet =
25 AH| TjELAIZH E
M| "o
Condition Pack
GPR°| ;':x-l o|A|.
St= T8 X5y

14. GPR Ads

=o
o

GPR 7|4k AL2X} EFUE, 32|0j0E|E WY, =& H[0f,

.

32 SEEoz A%sts ofElel Z1 29 AFo|Ct,
L

GPR Ads= OIRISAL 7|5t MIESH, ACT 7jut 211 A4
& X, 47U 2y TEIN Shol Al A2gloz
235 9%.T2l0lolel BE0A At 2Kl

£2 Mgt

15. S2E (Social to Earn)

H&H HEAOZ At

olLXtE X|HE 7|dlo=2

https://addeep.ai
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AMEXOA ZEHI 2|=H,
SMES| ZH| e =L

tstof GPR-ACT-Z21 ol
H[0IE] 22| A|AFo[Ct.

é*%ol StLtel ARt g2z
2 AHA E S0l

TE0| FHX
O[0{X|= AFEXL

18. Addeep GPR Ecosystem

=o|
o

A8, Jelofolel, B0%, Hojxt, 2l TIELZH GRR Tl Al
Rx0| o8 As HZE|= ofgle] 3 2K MENAS ootk

M "ol

Hoxtel 28
HEZ AL

e Values
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oM Fel

ACl= It HZ.XHHHE- R
M2
=

Ho| £¥Y

Ct
[=}

CAMSE ACI ARt 84, 0|8 21 23, My A3 B2,
2ol i 7|E S2 EUNOR PRlSTE MAEIC,

21. Reward Cash / Addeep Wallet

A|AHEIO[CY,
M "ol

x|zte i, HAHA ZH|, &2 52 X

=]
H 2= Web TZE V|Htez it

22. Addeep AlaaS / Addeep Al GPR

=o|
o

Oflel GPR-ACT-LMM-PIMS 7|5& 2|8 MH|AJ} API-SDK &
Eiz 8% = UAE MIdk= Al MH|2 EHZ0|CH

2 JlEZajo|x.TjE
Al MH[A AH|Zo0|C}.

https://addeep.ai
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Part 02. Data & Representation
GOJE]-HB1-ZIAf 27}

OfElel LMM, UMM, GPR, ACT Z&0| 2t535t7| 2[¢l HI0|EE
"olsl 7tstt HEl"E FESHEAS-ENSE 2E JES XYt
C HE|ZE AlQ] Sl2 A= "O0|EIE ofEA| EHsH=7}"0]7|
2o, 2 TIE= ofE MAl Al MEiAe] ECiolct

1. Entity (YIEIE])
Hol: A7t XNE|st=

oM Eel: AE[E|l=

]

@k FEoon
X
[Ee

il
=

s_a\|
2
J
-_

AT 2w

xjz1gic}, 0|a1o+ 45

@2 ol

01| “At

r_&
o WY

D2 (text/image/action/product)2 XE

HIE|DB 2 ANN Ziio| %|A Cig|Z Ho|gl

Feature Store

APM| H9|: Feature Store= AI2AF FH, 2EHIX
X
o

&M M= 23 S Al THO| ALR3= E
a|o+q QEaIRI(HX]) X2} AAIZHE
o, LMM/GPR :2 A| ZA| 2 Jts#t
AL M52 3| STt OHEAQI

to-Live), E& 30| Q7 EICh

I(feature)

2iel) IHE &
SEflZ2 FN|Zs| DEo| oF
7|0t 2|, TTL(Time-

5t

[<)

)
A

x|
S

- OJX o9 XY 9 A7|or 2a|
. MA|ZH OjX/HRX] TjXe] 0|F X &Y

[L:

« ACNN AlZ} ||, S AF/CF, &F PiMS I|A X{Z
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Feature Extraction (§%

= ClIO|EIE O] of3list= HAle| S¥(feature)= A

A Feol: HIAE(EZ9Y), O|O|X|(ACNN LX),

mHy), 4= HEHO[E (&Y %) & &Y ’SHEIE

P2 2d 458 #este i B, Lo|= HIH-@%‘EF-—Z‘EI
50| Z&E|H Feature Store BE= Embedding Network2

=l

dm g oC
oA o
n

nz

E|RE 3 A2 M CHA|

B AE/O|O|X|/AZ/AEE 78 oto|xatel HE
Lo|= M ¥ Mt xE
=2 AZQ| o5 HE0NM U K2 BX
4. Event Normalization (O|HIE X33}

Fol: CiAtt Helo| AR O|HIES
~
(=1

BEZESItoZM LMM/G-DIENO| A|ZA

Ol= A7t "&F2| ofn|"E mefst= o EZHo|ct

HetstA ¢ 3FEL

—

2A7|0f2 S
Timestamp, weight 43, MM 31X HE
OMMIE F= A ¥ 2 HHE

Y mo|zatl 7|gh X2

5. Interaction Sequence (ASZH2 AIRAA)

gol: AHEXte| WIS Mt &M= WEe A2 HojE.

0>

| Hol: AFRXIQ A » ATE >
0| ME=|H, G-DIEN/LMM2 0|2 7|¢to2 3|
JHER| BA et "EI|MoZ B8 EOfSH=THE

T A= o

Ef Interaction Sequence= GPR2| 7HoIs}e} A
=%t Mz = stLto|ct,

> 4% St ot
w T rIr uIm
roi

0‘;
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6. Activity Factor (25X|2, AF)
o: AIEXtS| gE Z-HIE-SUEE FEDIst e HjolH.

19]: AFE AIE AlZE BHM BIE 2 HF AlZE 238
ARt MY #F +F2 LfEH-H" JEIJIOIIZP LMM2
S ALEXIS| " EfY” "OlLIX] 2[E", "2 HEN"E
, Ol 7Jhel=tet &1 EfIElel SRt 7|=0| ECt

« AF2X} BT DR

- LMMQ| F7| Mz T 710

7. Communication Factor (2EX|%, CF)
Hol: AF8A 2 4ZEE ZEE LEhl=s A8 X[H.

oAl el %=, 3R/, DM, B2

Hlolel2 7|H+O§ NEVEPYLS
we, Arau

8. Demographic Data (2IE4EHH C|0|E, DD)
Hol: A2t 7|12 MEE LiEiiE A 44 Ho|H.

- o1 |Jo

MM el Y, 4E, 08, =7t XY & 7|2 HEE ZEI

https://addeep.ai
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SEo| 7|2 priorE 8

Fot HIEI|OE.

=310] RElo|
L b ACT

10. Embedding Network

3ol Y tolEiE 1y 2

AbM| Ho|: HIAE O|O|X|, #5
X} WEZ Hats) DHo| Hit JHSHE
Network= GPR, ACT, PiM
o, Hled FZo| 2 FH

Q135 (text/vision/action/product)
- LayerNorm-Dropout S QM3 7|8 meh

- Latent Space FAt ¢t HIE| Has)
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12. Latent Space (¥
Hol: mHo| 9O|g 2

11. GPRIntegrated Shared Latent Space (GPR &
N Ford)

H9|: GPR Integrated Shared Latent Space= 0|0|X|-FAHEIA
E.2n.4E-#SZ(CF/AF/DD/CC)E Eglet 2E TEE|E| o
O|HE sfLtel 2|o] 7|8t ZtEH(semantic coordinate system)2
A TS| 23t Addeep 1R S8 FA Zzto|Ct.

ol &% 222 DIEN, LMM, ACNN, ACT, PiMS
Recommendation S GPR O7|ElX M7} L2tEl 20| =2|2
SESIEE Excl= M ojdto|n, ZE 12 Ho|E7 S 2 QAT AHAF 7|EE
O A=t 7[st =8 Z=E S8 HITICL

C|RC(ACT)E
Z, GPRe| ZE Al 20| "Z2 2AHE AE"SIEE Tf
Y 37Ho|Ch

AFM| H9|: GPR Integrated Shared Latent Space= 13. z-space
B|AE 0[0|R|. 242 1-AHE 952 1 (CF/AF/DD/CC)E siLte] o]
O] 7|4 &3 S7te= HESH= GPRe| Al HPIS0|C

Z2[: GPRO| ALEX} AEH-

A 7 32t

2E HI0[E?7 AbM| Hol: GPRE i3] EZ2(Intent, Product, Context,
Observation)2 Z%sl| StLt2| z-vectorE MM3ICE 0] HE=

o| =E 25k pj 3|
ACTS| ZHX 82 "XIZ O] AN AU Wa/EHAOF T1T KAABSIN'E 2

ST 20| FEAM HEoEEE g
A

t
LMM2| Ofel=4 X2 UMM I %A,

GPMD2| 7 ) syl J1Z=0| EICt.
£ BFsict

0| Shared Latent Space=

@ HE|ZE QAL EQ CixsHE 7|4t M (contrastive
alignment),

@ 20| H(T-HA-2HY-AE-AEIE|- AEIY) Q| EESY,
@ ACT M8 MY z-space &% « ACT 44 mojzmatQlnt
OFf JME|H, 0|F Soll GPR A7t FH-MH-2D-F{HAHH

e o
. . AIAIZE AHIOIE 7=
THX| eHEs) Sl ojn] MAolM TSt UPEl Al AJAEIO| & HAZE FH0IE JkS

14. Semantic Embedding

SE2|E| HIO|EIE StLtel ofo] 7|8t Hi Sz ST

H O

o& = =)
SIS o HIE|2 FHISICE Semantic Embedding ZE2
Het-E AN

=

* LMM-UMM-ACT-PIMS-GPMD7} Sttt E3 HAO|A] L2t=|A| Skl o|ojx|e] £97|, AE EM ZAD E S

7)gt HE|DE ot ofn| F(OITHA-BA-AE

[

-space?t HA|E|0] FHQIStEl B - o[O| 7|gt WE FEH

. cosine similarity 7|8 H|w

https://addeep.ai
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« ACT ¥ 7oz ME
- PiMS attribute layer 7|kt

18. LEC (Latent Entity Code, &% 2E|E| ZE)
15. Intent Embedding

ES 74 ol EE0R HUsH M 2

ROl AHgRIe| ol 2y e

i “AEXE

ES I
A5

« VQ-VAE 7|t discretization
- H22| 28 &7t
- codebook 7|gt = M

. latent-level E2 #2| 75

EA e, FHE|D2], ojo|X] FE, At
B3 B2 ST EAICL O|F 7[HIRZ "0
£ t", ol et XtAA 2N S2

AM| Hol: o|O|X|-4E-
sequence HE{E HIY
ST g0 23 #=CL

x|
S

BIAE.O|0|K-2A H|0|E E3 ) .
- I0x]-£8 ElolE =2 . sequence-like B8 75

4F U |AE AlM Tt
- PiMS 7|8t f=X ojn| g

« GPR/ACT/Ads 25 &8

17. Attribute Embedding 20. Normalization (&3}

&ol: ME-ERIXO| ErY A5 5 .
ST emESSA S Hol: YB3 HES Y A0 HUt: I

AN Hol: A AXH, AEFY, ALO|X, A
HIE{Z HEoisio] L Huwsh ofA o
Attribute-level 82 ACT XHAZ

APM| H9|: LayerNorm, BatchNorm S8 E3ff M| A
=
=

XIOIE MH5I0] B obEY Bl £ &K

At 2FS TYCt

=QICt. mEhd

x|
S

. fine-arai &M TS
fine-grained &4d #H9l . 21 xto| shA

- HE-E2HX Y oy

https://addeep.ai
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- o5 e 7o

- latent space A7|Y S

. Do x| TA

21. Standardization (E=3})
Hol: mjA Y2 "W 0, EEMAL 1 HEIZ Helksl= Wi,

EONEE S

normalizationzt E7H A2

22. Dimensionality Reduction (Xt&l&4

Fol: TAR HIo[HE ofn] &4 A|A35HH MAHICE =5t
7l&.

AFM| 2l PCA, AutoEncoder, Transformer 7|2t reduction
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34. Distance Metric
Hol: ME| 2 RALE EE K0S SHte S B4

=
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LMM (Large Mind-Mining Model)
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ZHsh= oY Al HHlel A

& 23 (text/image/action/product) E&t
« Transformer 7|8t A|ZA Q1R
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2. Mindset Vector

gol: At oidf o2t
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2tE (Prior Probability) &igt2 sict,

. cold-start Qt&3}
- B7| s|AEZ| 7|4t 9% prior S
« GPR &9 x7| 7|=g}
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Hol: AFEXIe| BAAZL AlZtoll w2t ofH A HesH=XIE DA s
L 3x,

A el

G-DIENEZ AtXte| YE AIAAS 2Als "B O 8O
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30. Real-time Feedback Loop
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32. Saturation Controller
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33. Exploration Module
34. Cold-start Handler
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